Analyzing Engagement and Sentiment through User Reactions to
Facebook Posts by Food Security Organizations

Elizabeth Soto! Dr. Marcelo Sztainberg?!, Dr. Nancy Wrinkle!, Dr. Benito Mendoza? (Mentors)
NSFj Northeastern Illinois University, Chicago, IL 60625’
b A New York City College of Technology, Brooklyn, NY 112013

Abstract

In the US, food insecurity is an ongoing issue that affects 22 percent of Hispanic households, a number that is much higher than the national average (14.0 percent). Facebook is a social media platform that people are more likely to head to for information regarding their
nearest food pantry. As such, it is critical for food security organizations to publish posts that generate higher engagement and that are as effective as possible among Hispanic followers. The goal of this study is to determine a measure that could be used to analyze the
correlations between the engagement and sentiment of posts from the Greater Chicago Food Depository’s Facebook page. We extracted data from the page and studied the engagement rate on a month-to-month basis. Using the same data, we assigned positive, neutral, and
negative sentiments to Facebook reactions and assigned a final sentiment score to each month. We used these scores to derive metrics that could be used to identify and measure existing correlations between the engagement and reactions. It was discovered that
correlations exist among positive reactions and engagement in the Greater Chicago food depository’s posts. The results can be used as a starting point for anticipating future engagement, as well as creating content that will have lasting positive impact.
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